Joooooodoodoogoogoooogoognon

o0 Ooog
gooogooboobod

Image Feature Generation by Visio-Motor Map Learning towards Selective
Attention

*Takashi MINATO, Minoru ASADA
Graduate School of Engineering, Osaka Univ.

Abstract— Visual attention is one of the key issues for robots to accomplish the given task, and the existing
methods specify the image features and attention control scheme in advance according to the task and robot.
However, to adapt environmental changes, the robot should construct its own attention mechanism. As
the first step towards selective attention, this paper presents a method for image feature generation by

visio-motor map learning for a mobile robot.
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Fig.1 Image feature generation model
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(a) Task 1

(b) Task 2 (c) Result

Fig.2 Task and acquired behavior
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(a) Fs in Task 1

(b) F¢ in Task 2

Fig.3 Acquired features
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