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Generating Natural Motion in an Android by Mapping Human Motion

*Daisuke Matsui(Osaka University), Takashi Minato(Osaka University),
Karl F.MacDorman(Osaka University), Hiroshi Ishiguro(Osaka University)

Abstract— Our group’s research explores relationships between robot’s behavior and robot’s appearance by
developing androids that closely resemble human beings in both aspects. If humanlike appearance causes us
to evaluate an android’s behavior from a human standard, we are more likely to be cognizant of deviations

from human norms.

Therefore, the android’s motions must closely match human performance to avoid

looking strange. This research tackles a problem to implement motions that look human by mapping their
three-dimensional appearance from a human performer to the android and then evaluating the verisimilitude

of the visible motions using a motion capture system.

Key Words: Learning control systems, humanlike motion,human-robot imitation, android science.
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Fig.1 The developed android “Repliee Q2”
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Fig.3 The feedback controller with and without the estimation of the android’s joint angle
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Fig.5 The marker positions corresponding to each other
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