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Fig.1 The developed android
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Fig.2 Experimental setup
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Fig.3 Influence of the input history
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Fig.4 influence of initial valve gap
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Fig.5 Feedback error learning
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Fig.6 Proposed learning system
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Fig.7 Result (n=60)
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Fig.8 Result (n=30)
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Fig.9 Result (FEL using averaged error evaluation)
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